
  

 

treat transformation as a people program with some technology attached. That 
framing is now out of date. AI is no longer sitting next to the workflow as a helpful 
side tool. It is moving into the workflow itself. That changes the question. The 
enterprise is no longer just asking how to help people work better. It is deciding how 
work gets done across humans, software, and increasingly agentic systems. 
Microsoft’s 2025 Work Trend Index lays out that progression clearly: AI starts as an 
assistant, becomes a digital colleague, and moves toward a model where humans set 
direction while agents take on larger parts of workflows and business processes. 
Microsoft supports that view with survey data from 31,000 workers in 31 countries, 
LinkedIn labor trends, and Microsoft 365 productivity signals. 

 

That is not just another tech upgrade. It is a change in how execution is organized. 
Once AI starts retrieving context, drafting outputs, triaging requests, routing work, 
generating recommendations, or taking bounded actions inside the process, 
workforce transformation stops being mainly a training and change-management 
exercise. It becomes a work-design challenge. The question is no longer just whether 
people know how to use the tools. The question is who does which parts of the 
work, under what rules, and with what oversight. McKinsey’s March 2025 State of AI 
survey points the same way. The companies creating real value are not just giving 
more people access to models. They are redesigning workflows, tightening 
governance, addressing more risks, and putting senior leaders in positions that can 
enforce operating discipline. McKinsey specifically calls out workflow redesign as 
one of the practices linked to bottom-line impact from generative AI. 

That shift forces harder enterprise decisions. Which work must stay human-led 
because it depends on accountable judgment, discretion, or escalation authority? 
Which work should be AI-assisted because machine speed, pattern recognition, or 
retrieval materially improve execution? Which work can be delegated under clear 
thresholds and supervision? Those are operating-model decisions before they are 
training decisions. They determine where governance sits, how workflows are 
rebuilt, where telemetry is required, and where humans 
must keep visible intervention rights. That framing is an 
enterprise inference, but it is strongly supported by the  
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Why better human-AI teaming, not simple replacement, will define 
the next performance edge. 

Most organizations still discuss decision-making as if it happens after the actual work is 
complete. The data is collected. The analysis is generated. The results are reviewed on the 
dashboard. And then a decision is made. This is not how it’s working anymore. Artificial 
intelligence is now integrating decision influence into the actual work process. The 
recommendations are now embedded in the process. The prioritization of cases, the 
options, the anomalies, and the generation of scenarios are now all part of the process. 
The McKinsey article from June 2025 on the emergence of artificial intelligence “corporate 
citizens” gets the point across: As agentic AI begins to influence decisions, organizations 
must change their governance, trust, and operating models rather than simply seeing it as 
a feature of the process. 

This article names this shift Augmented Decision Operations. This is a term that is a 
synthesis from this series of articles, not a commonly used term from the external world. 
However, the pattern this article is presenting is well supported by the source material.  
The enterprise is no longer just using AI for report summarization and analysis speedup. 
The enterprise is rethinking the entire decision information, sequencing, challenge, and 
execution process, as well as keeping humans accountable for consequential judgment. 
Microsoft’s 2025 Work Trend Index supports this overall shift in operating model by 
stating, “What we need is a new metric: the human-agent ratio. How many agents do we 
need for which roles, for which tasks? And how many humans do we need to guide them?” 
This is not just a staffing question. This is a question of decision architecture. 

That’s a distinction that matters, as decision systems are now part of the operating model. 
A recommendation engine as part of a workflow is not a dashboard. A prioritization model 
that determines what’s displayed first is not the same as analytics support. A triage system 
that influences the order of the queue, a risk score, or escalation is already part of the 
decision-making process before a manager ever consciously thinks of making a decision. 
When AI assumes those roles as part of the workflow, the organization is not just 
improving analysis. The organization is rebuilding the machinery by which decisions are 
made. 

A critical augmented decision model begins with decision rights design. The enterprise has 
to decide what decisions should remain fully human adjudicated, what decisions should be 
AI-influenced, and what decisions should be able to run autonomously under clearly 
specified limits. Otherwise, AI involvement will continue to spread in an unstructured 
fashion, and accountability will remain unclear. This may be one of the strongest takeaways 
from both Microsoft’s approach to human-agent and McKinsey’s discussion of governance: 
the enterprise can’t simply view AI involvement in decisions as a feature to enhance 
productivity. 
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The second requirement is that there is evidence surfacing. AI is useful in decision 
operations in that it improves the quality and timeliness of what is seen by the decision-
maker: exceptions, anomalies, conflicts, likely scenarios, and options ranked in order. This 
is a real operating change. It changes where decisions focus: from information gathering to 
interpretation and tradeoff decisions. But it is only valuable if there is evidence surfacing 
that humans can really evaluate. Otherwise, speed increases while discernment decreases. 
Faster confusion is still confusion. 

The third requirement is trust and explainability. With regard to the latter, relevant here is 
the Organization for Economic Co-operation and Development (OECD) workplace guidance, 
which places great stress on transparency, explainability, accountability, and oversight in AI 
systems in the context of the workplace. This is not merely abstract, vague advice. If a 
recommendation is not understandable to a degree where it can be questioned, then it is 
not acting as a decision support. It is acting as control logic. That is a critical distinction, 
especially since many organizations are in danger of creating systems to support decisions 
while simultaneously limiting what is visible or question-worthy. 

The fourth element is runtime governance. This is where the National Institute of 
Standards and Technology’s (NIST) Artificial Intelligence Risk Management Framework 
really comes in. NIST’s framework is built on govern, map, measure, and manage as a 
framework for AI risk management, and its Core document states that processes for human 
oversight are defined, evaluated, and recorded. With regard to decision systems, this 
means that governance cannot exist outside the system in a policy binder on a shelf 
collecting dust. Governance must exist inside the system in some form of monitoring, 
escalation, override, logging, and review. Governance cannot exist in a vacuum after AI is 
used in live decisions. Governance is no longer just about whether it was approved; it’s 
about how it’s being mediated in operation. 

The fifth requirement is to measure outcomes. Fast decision flow is not equivalent to a 
good decision. An enterprise that doesn’t measure quality, error types, overrides, 
escalations, reworks, and downstream effects can easily delude itself into thinking it has 
improved its decision-making processes but has actually only sped up its activity. This is 
where the synthesized content of the article is particularly valuable: Augmented Decision 
Operations should be measured as a system of judgment, rather than software utilization. 
The measure function of NIST is particularly strong in this regard, as it recognizes 
performance, impact, and changing risks as items to reassess over time rather than to 
assume at start-up. 

This is why the phrase “decision support” now seems like an understatement. It was a 
phrase that made sense in the old enterprise frame in which AI was playing a supporting 
role in the analysis. The challenge now is bigger. Now, AI is affecting what options are 
presented, what cases are presented, what anomalies are called out, what paths are 
escalated, and what actions are normalized. So, the organization is not just improving the 
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information environment of a manager. It is refactoring the operating system by which 
decisions are made and decisions are exercised. This is the synthesis that this article 
attempts to provide, and it is very close to the synthesis that the McKinsey, Microsoft, 
OECD, and NIST source base is providing. 

The executive implications are straightforward and not minor. Who retains accountability? 
What evidence gets surfaced? How are recommendations challenged? Where does 
escalation occur? Which actions remain strictly human-adjudicated? What telemetry shows 
the system is improving outcomes rather than simply accelerating motion? Those are the 
questions that separate governed decision systems from loosely instrumented AI usage. 

The enterprises that answer them well won’t just have smarter dashboards or more model 
activity. They’ll have stronger decision architecture. They’ll know where AI belongs, where 
it doesn’t, and how human judgment is preserved while decision quality improves. In a 
human-AI enterprise, that isn’t a side issue. It’s a structural advantage. 


